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1、Considering information propagation from each user to her multi-

hop neighbors

2、 Avoiding additional encoding loss from unnecessary discretization
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Experiment Results:

Contributions

Datasets:

• S2MF, DSR/DTMF > DCF: the effectiveness of social information to hash code learning

• S2MF > DSR/DTMF: the superiority of our solution to social information processing

• SMF > S2MF > MF > DSR/DTMF > DCF: the effectiveness of our proposed method

NP-Hard➡Soften B and D：

B-subproblem:

D-subproblem:

W & V-subproblems: SGD + BP

X & Y-subproblems: SVD + Gram-Schmidt orthogonalization

DCD [3]

1、We combines MF model with NE model partially under the discrete 

constraints, which is essential in modeling the influence propagation 

process of users' interests over social network, as well as avoiding the 

extra encoding loss caused by the discretization on social embedding.

2、We develop an efficient alternating optimization algorithm to solve 

the proposed mixed-integer programming problem, which can yield 

informative and compact hash codes.
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